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FOUNDATION OF EMBODIED AI COURSE NOTES

1. iBah iR SIE L 555 70K
BB TREIH AR, SRAESS R E S TR R, FFAESCHLEE LR Z 228, IeSC T
R n] 5% s

BB . 2425/ Bfra< — RL g — Z2HITH — IR ARB — RERBIE,

1.1 i85 RL £ R SR RER Gt AL E

FERGERER, FLRHLES NI RGOS 0o =R

B FEES WIER

w2 S e IR INAL S G /N LLM. VLM, VLA, {E&HIXI

B BEhRI S BeRERE REHER N TIZE) Motion Planning, Motion Tracking. RL
JRE: $TasEst AR TR S PID, PD. FHETIEMHI, HLF{H]

gl RL REMMH TR, el REE R ST IRIETER, a0, HLEsAREZEHIaEK “BL 0.5 m/s MIRE”, B3h5HK
WEERTE SR BN, RN A ST T,

| APIES: ENKRTE, EEFF

A

[ VLM VLA Planner )

\ 4

| BfREE/ BRfE

| AL Motion Policy | <--- [fERBRIF

C EEER ARES

\ 4

(| PD/IK/EB#\IRE) |

HIHEA
A B EE AT DS

a, = (04, ¢p),

Her, o, BRY, IMU, MBI c, REMREE, BRESSERREES; o BRI E, JEESCRIRENE; m, 2
FIF RN,
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FOUNDATION OF EMBODIED AI COURSE NOTES

RGPl H b TR B TR, Eah%h] RL WL SRS 5 30 ) 2R R B2 S bl . (HENDERER: 3
REFGEHIERL 5 PD. IK. MPC, WBC (Whole-Body Control) FHiARH A,

1.2 BN RL 5 H B FERETE RL S5 IZRAIX 5

i3S iaghfl RL HE R RL J5 IR

FHEHEVR FITE, RIGNNBIHRE TR PN ZRRMS R S5 R

LA KT, IMU, HFRIRZSSE B, ES. PEARSE

Gk NGRS Nk =y Action Chunk, 3%

BRAURHY MLP, GRU. Transformer VLA, Diffusion Policy, Flow Matching
WA PPO, SAC. #ifjj RL PPO. SAC. Offline RL, L[ IHIEIIZRITT4
F B R RENHZE BllgrEdRE, (TERENRZE

PURIESS 1T, BRER, TerERs, RIG#E(E MUBEL/VE S 51 T RS

EEd=yiia] R, BRI BahtkeE 2, HEARRER, TELIEN

A, YIZK Unitree G1 7EE 15 NMTER Tiaahizii RL; X CEREMIN 7, 5 #1d RL 2 FHHASMBUL R 8 T A 5 5
TR RL J5illlZk, MIEILSIFALExE: HUMERIEIIVZEEM RL 5 VLA JSIIZREIUERZ R —HLas NshtE, HUEmiigs
¥, WA B AR TE,

1.3 IR NS5 0K

Bl 1374 WRUTS5 FEPRAR

=iz 3 il Legged Locomotion 1778, FRE. #m A, RS
EEAIB R Agile Locomotion BRER. TCHERE, B, BRR S, AR
2 HIEIRER Whole-Body Motion Tracking  Bk#E. hERBG. HUBERE: 25WIE. IEREE
UM #5425 ] Manipulation Control PE. 2. A Hefih, FEREE. ol
RIGFEM e Dexterous Manipulation FBERE, EAME, THAEE =HEE, 2 SR
BEhiRIES 25 R Loco-Manipulation JBFEIIN, s, ) 177E SR

REALSS AL T, NfEHlas AR I8 H RN RATE, S5 ERIHE,

A. Legged Locomotion: J=izah#iiil
Hin YA E e SfREzs), & WHERESN:
cmd ,,cmd cmcl)7

(Y w

Ct:(vz » Yy Wz

SRR RS AR, RL A OCENE, DAREMEEEE, PYRMNUENLEE A B BRI KU E I 2R
RFTAE Learning to Walk in Minutes Using Massively Parallel Deep Reinforcement Learning FIFIFHAT{HEIZ ANYmal i&
BNRMEFFEATENINE, [1]

B. Agile Locomotion: wialiZsiaahiziil

EONAMES EARPRER. TERERE, BSEURAT. 7M. BREIWREMShRSREE, X T8@1TE, RIS ENRHEh 1% 51
filr, BIANTETERERES AR O R ERAE T, SN 7 5 O,
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FOUNDATION OF EMBODIED AI COURSE NOTES

C. Whole-Body Motion Tracking: 4 8zh{E %
GBS E N ¢l(t), 1B RL REMEMERES, FIR4ERsh 1 2E 017,

CAEWS hiE | - (ShEER) . (MBAEEE

(BENBAGME

\ 4

[ RL Motion Tracking ]

WA SAEE

REMEBE LG DeepMimic, AMP, HOVER. BeyondMimic; Ef173 51 RSFPBEL, Bk, 252
IS R A NFEE, [2][3][(4]

D. Manipulation Control: HLE #1E2HI

Bfrz e, s, MASEYAEIE, RL ATRAR ST, el Dl AR s EeiE S &, MEA% K. BE=H
il (OSC) BRI, WHBERIAARMREE, i), MR, MiEZ25MmahKE.,

E. Dexterous Manipulation: RY5Figahiziil

LRI FREEL 2D KA RIS

fingerl finger2 fingerN
a g a4y g a g ]T'

a, = | s ey Oy

ESEIRREME, FHhess. B, TRMEHRYRTEERE . BORMER S48 1F2 RS 8 R FHE-Y ik R
ENH
F. Loco-Manipulation: #zifE

RRAEF BN S RIEEEN, FIALELIE, PORPESERERS, 1TER N TREVAAME T, RN D ERERR A B A, XX
L BERIRE AR AR AR

1.4 ¥ENTTEN R

Jitk B Bl iR BRI

MEFFIaR S RL from Scratch FIMESHEREIRR B, 1778

e R e S) Imitation RL SEBEHRN51SF RL Bk, NESIU

TR ZEnR S Residual RL 1EE AR BB IE B E., R
Vay=litas | Hierarchical RL =EIERRE, (B Z S

Hm -2 IR Teacher-Student SE RN, 2R B2l Sim-to-Real
I 3 7 5 I SR Adaptive RL LA 77 5 L3 AR . FERR. L BhEAE

XETFIEAT DA G SeilId R e STIZREON, R SR AR IR B S R AR ] MM A A B fmidb A THR R
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FOUNDATION OF EMBODIED AI COURSE NOTES

2. BahfEmImiErIRas, a5 ahE
SERIAIE

Environment = {Observation, Action, Reward, Reset, Dynamics},

B MHESSIEFRE Command 5 Goal, SEPRFRIMET:HLEAAIE it PPO W28 S5 TE AR AL,

2.1 Observation: HL&¥ NREMEZEI 47

X =34 PRI

Joint Position KANE Ifidas

Joint Velocity SRATIRE TR/ fhitds

Base Angular Velocity — #18 f#E IMU

Projected Gravity EAEN SRR PRTR BT

Previous Action st fE Pl g

Velocity Command EbRisEE 2

Contact State JEHB/FHRRERIIRTS e st

Height Map HifE = AR HoAft % s

BRCHLER A B BRI A] DA

0y = (@4 Gy> Wi Gp» Oy 15 G-

XM E RGNS 5 ELSE Pl AL R, ML ZOR . SIS NI R AL LSR5 HbL L AT RER 2 b T,

Observation History

IBEHPEHIEAR 7 PN SR M B RE BRI E 2 AT R iR 3. REZEIAEHITIRZ AR, "I L& O
Oltﬁst = (04,041, 04

fifif5{#FH MLP. GRU 5% Transformer 4mf, F5Bh5RME I8 THRRIBAN 1 22 5 BAR S,

2.2 Action: 5L 23522

EEE L] L

Joint Position KITEMMLE B AN EFSE Bk

Joint Velocity KT EARIE & A s

Joint Torque ESIELiivaL e FrFEEE, IgE5eiikERm

Cartesian Action R E. ZRSHE EESVHE

A. Joint Position Control
B R — R 2K
target —

default —
4y q + Sq Qs ay = 7T9<0t)'

HJERE PD $47:

Teaching notes - CC BY 4.0 5



FOUNDATION OF EMBODIED AI COURSE NOTES

Ty = Kp(CJ?rget —q) — Kqgy-

XEEERER, AT DARE:

target _ ref
4dy =qp T 85,0y

XN SH B8 LR ENE, HRIRE RL %3 KB BIESH 7dH,
B. Joint Torque Control
HiEmW 7, = mp(o,), ¥WHIBMEER, HAFEREZERGR. I, BE. EERRALHE,

C. Cartesian Control

HUMCE AT a, = [Az, Ay, Az, AR], 1@id IK 8¢ OSC ¥R Ry k152,

| RLPolicy | —» [ RiHE®/BIFIZE | —» [IK/OSC| » [XTid< | » (#HE

Hr AR e AEFROR, KRN RIETER S8 S IR~ Isaac Lab f2HEZACTIME R/RAIER D, [6]
TR

BLESA BIIREN RS

PR /AR Joint Position Target

NIEEh R Joint Position Target / Residual
RS Cartesian Delta Pose
ZHERLF Finger Joint Position Target

WM + RI5F  Arm Cartesian Action + Finger Joint Action

SRS 5 WK Eh A AP TR AR, BN SR A 288 &, IR AL T A B
2.3 Reward: HLEFABIZIMIEIT 27

LR

stabilit regularization
rt:r;ask_FTt Y_,r.g .

DR e R R 1

v —vimd||2>
3

2
0y

T'velocity = exp<

” e(t)rientation H 2
Torientation — €XP (_ 2 ) )

ORr

Tsmooth = 7”0’1& - at71”2'

AT AR
Ty = Wy Tvelocity + WRT orientation — Wa ”at — 0 H2 - wT”TtHQ‘

Teaching notes - CC BY 4.0 6



FOUNDATION OF EMBODIED AI COURSE NOTES

KERMESSIEATRENIN . B A, RERIESN, b, SCHIRNAL, RERE, HRMASESFIl, HREREhEE A sE S B R, =
R R SN 7 FLE iR 22 (HAET I SR a] REEN L8 NIEEEA B3,

JEW s AR R MUE SRR sERK, WBEARIZEEERE. HAR, %,

2.4 Reset: MI2AREIFHINLE?

TIEATAERT DN L TR SIERREAI 2 M BHRERRE R MR —IRESTFGR, WML SR IRE
Uniform Reference State Initialization (Uniform RSI) MZ #1284 [R] m %A -

Event-biased RSI fE/2Hk, 743, #Efite, FRUAIMBERB RS X R M R NTRAE B, BTG LSRR 2 311 2 Rz
— Mk, BRI S TR BRAR ASBR AN S
3. Jiiki%EE: PPO. SAC. Bifji55%2%

AEREA R S T TR B CHIZ518, PPO. GAE, actor/critic %35 SAC. Q-learning HIATIMES 73712 WIRE
HRSZ Y PPO. SAC B X,

ek s ihl e i e ) SR FEAR /BRI
PPO HEHHITK, SHEIERE. BMEERE  On-policy, FEEF KA, SR EIRE
53

SAC EEENE, BARREMNAH, oTH replay ) Critic R 55ME. MEEIES. TR
LG S PE E 2

Imitation + RL EAESH HERZ ORI EA1T HEMIRE, FMEILNSHRSEERE

Residual RL B PD/IK/MPC/#i{fi kg, TEBHSGE ARSI @RISR LR, 20
' EIEY L=

Teacher-Student PHEARBURA, BENREER /M ARG, R TRBFRIRER R
B AR IERH]

IBENEHITRT actor AIE N a; = my(ooy, ¢;)o NEARELRIES, HITIRIIREEAIRZZRFIN u, = Shield(g(a,), z,),
AR M4kt B VR T bl R8E/ I Zhes i R (T E THIE

4. Motion Tracking 5ah{/EBHina{b%S)
SIRBRER. BEEE, (MRNEMIEAERTIIRME, ERMNTRRATREIER R, Kitr] sIAS# B8,
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FOUNDATION OF EMBODIED AI COURSE NOTES

4.1 FEA

| Human Motion / Teleoperation |

A 4

| Motion Reconstruction |

A4
| Motion Retargeting |

A4

[ Robot Reference Motion ]

Motion T‘r'acking RL
(

A

| Robust Motion Policy |

SERAEAT LR A, ANAUER, ERIE. SATEHEAaasl.
4.2 Motion Tracking Reward
BESHEFNAE ¢, ATRUE L

lg: — gi']1?
Ttrack = €XP <_t2t .

9

2 B L5518 ] GEERER Root Position, Root Orientation, Joint Velocity, End-effector Position, Contact Schedule, {X3&¥7
ML A RENE NS 2 ERE]; FEFNZESEAOE, s T S0,

4.3 DeepMimic
DeepMimic ¥ a6 515520, BBV AEYSIER1E, /& Motion Tracking RL AL T{E, [2]

[ Reference Motion ] — [ Tracking Reward j —+
+—» [ RL Policy | — [ Physics |

+

| Task Specification | —» [ Task Reward |

THFED: https://xbpeng.github.io/projects/DeepMimic/

4.4 AMP: Adversarial Motion Priors

&4t Motion Tracking ZRTELE N ZIERERfEEHIL; AMP {EHIHG 88 NS E S (EEE A S Iaah RS 2l 8 SRS 72 72 %
E55 BARMIRIN = AERF S S mah e, B, 3] BRATERUE, AR il — S, (3]

Teaching notes - CC BY 4.0 8


https://xbpeng.github.io/projects/DeepMimic/

FOUNDATION OF EMBODIED AI COURSE NOTES

4.5 Motion Tracking 5 AMP X4l

ek Motion Tracking RL ~ AMP

R TREIBEE WHEESERD TEBEEE
EEERRESEAIE 2 A=

BRINARIR PRERIRE FR| ISR 2
FEEH HHE NS85 FAERESE RIES)
BRI R IEFED, REARENE  HRISRIIZR, 2RGhF

4.6 MBI EE F S ah

HOVER 5 TAEREE AR ar SN ER IR BN St — 1 2 S HI SR o, SRS AN PR BR T[] U i 2 iR B, [4]
##: Single Motion Tracking Policy — Multi-Mode / Universal Motion Controller,

4.7 FEHOBHERS W] 8B AR )

BB SRS, KRR miet = (T35, g, pieh ), SERFEIERT A qiF; AR AR o, A1
BEAB ¢, = (M, mi ), TERNF SR EMEIRE,

_ ref]|2 _ref||2
Ty = W, €Xp (‘”ptpt'> +w, exp <—|qtqt|)

% 7
dsow By, B’
+wp exp (—”02 = Nl = Aoy =g
R

RN R, ANRIERICSCAIRHIE I, IR 73t FAR R S AR ARPRAER BR IR 22 A REFI R & A 2R BE R
fli—NEMRICTH 2R E A EAL actor,

RSI 5%5%AE: Uniform RSI SN RS, HBAES/WITT, BEHL, WK R As7%KILR event-biased RSI 34N 3
WEEZE, ENTHRERAE, HIMEELFE T BT, Belgham S5 miRE.

ISt BENLIL S BB SEG) REEN, WA GLS %R, 7oA BARSIERI —80i, w0 A NS R
ESERA

5. HOVER. BeyondMimic, SONIC & i@ Fl il 5%

TS5 SIS R R, REMAARD, TRGSEIRERESELRER, NG RERSISHEL, HF
SR R A RER AR RIS,

5.1 MNEBHLER S T He

—MERARBE R a, = mg(0<y, ¢;, 2,), B ¢, FEMRENHRE, kT, KNT2%5, 2Hizshh BEGs B tiizs) token,
2z, ALEPI SR RAERIEN N AR RERR A B, SRR X R A = gt — BB —Z sl (e

AR T FAVER IR WRRER

DeepMimic SE B + VIR + RS Feik—&EEBIA AT

AMP MBI EEHE S I8 BN 5347/ RS BENER S S S R

HOVER A RIS — S RN SR 2508 4R mask EEEARER, AR HAR

BeyondMimic EBURIBHNIRERETT + T guided HERRES SRR ET 54l PPO FRER
diffusion

SONIC KIENLNEEAE, IBsNRERIgR, 48 W8 VRO AWK VLA BRZE 2 5

— token &
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FOUNDATION OF EMBODIED AI COURSE NOTES

5.2 HOVER., BeyondMimic. SONIC )43 1.

HOVER: S5 2 izl Al h gt —ry 2488 an <, FFIEid 2K 1S 21 al B DT N 2 B i kg, MERU2 < mask
HITE X — B S AR R A TR e T

BeyondMimic: J&# 37 & B8 A NTE S E R ER AT, BAHARK T EEITHEHE SESFMFS1F. BERNY K
motion-tracking controller F#& & EMIBENERK, FREM AN “—4 PPO IZ5HKIE",

SONIC: Re \ZRENMEERERY R K MUEEEE S BIIIZK, HI@d 5t —# motion-token #2 [IERAF _LESMF, 1XHA motion
token Z2ARZEHIMIMR A<, NREIREREI E R HARZ R HI L R AT AL,

5.3 FIER@TERG

TEDHINE: © RINEREISIRE R, © ARaGSHEATIMIERSKKER; © o MKkERESN; @ FRAKIKES
EAEARE R © IFENIERRKEALAMERE. FUR SRR 2SR 2 TETRUE N “Il e

6. FHRLBUN, “AEZRIR S 3 # B IS R

6.1 JH AT BN -7E?

FEfTE AT DAVT MRS H D AL B R, SRR AR M AN RREN ¥ 2 8, (AIXEE R AR AR AT, R
Actor EFEIRFIEA], MXELLERE

| PEEERS: MR BN, BR #HF

\ 4

| Teacher Policy |

( Teacr‘{er Action |

Distillation

| E#HWN: Camera/ Encoder /IMU | —» | Student Policy |

6.2 bRUEIIZRIIFE
SN ZR{E R DU ZS A2 -

FRYINZR AR AT 2 LAY A -

BRI B EZR TR -

Lgistn = E [Hats - atT”Q} :

Teaching notes - CC BY 4.0 10



FOUNDATION OF EMBODIED AI COURSE NOTES

A AT BYLI B SRR T AR AT RS B o SEPRZR TR I TR A BT /A 15 PRS2 A5 AN R Y [

6.3 Asymmetric Actor-Critic 5 Teacher—Student [fJ[X 3]

Asymmetric Actor-Critic: Actor YIZKI i HAEH AT ERBWLMN, 1M Critic AI{#H] Privileged Information,
Teacher-Student: Teacher Actor 7] PAf#if Privileged Information, P4 SRMEIERSLA(E A BRI Student Actor,
it ARG E R INZRESH, o3& 2 RIITR 715, WE IS, Isaac Lab 5 RSL-RL SCRAHR UL 73 AT ZRALEL, [5][6]

6.4 RMA: Rapid Motor Adaptation

RMA 58l 1 &N M S HLas Nizsh KRG SE &, ARG a2 RN EENME R, [EHIa ARSI, R, Mk
RABN N3, [7]

X https://arxiv.org/abs/2107.04034

7. Residual RL, AI¥RE 5% 405
7.1 Residual RL A2 A fahil 2 B fui
a4 X ul”) = 7 (0,,¢,) (PD. IK. MPC siHiJIZRERERSEIG), 2SI it it :

O)JraAug(ot,ct) Uppiny U )

» “miny “'max

u, = clip (ui

FZ A DWERAERTTBRR, KRR, SFNTSREHES AR, SMERIINE, kRS ReEt&Erm; BIELR
SHERETHEMARPUIE, AR SCPEHIERIRRE N, Fo i B E(E/ 2 (R A FOF R IERE R DI NI T N,
7.2 MR RS : BRI RS
WAES5IRASHE approach - contact -» manipulate - slip/drop - re-localize - regrasp - continue
Z (B, F— B H episode Y RIZ 1L, RIS MIISREIEF L PE AR AIREIRTS, PR “SeEEMEEL” T
< RAEE: MhEl. BB, WA R AT BN Z F RS, RAREhEIEHTIA RS A2,
- B HEEEENNZERENESERBMRETT, MIEHEHESE SR,
o WISZHE: FEEE WHTHIY ARSI DL/ ST RARHEWATER S, Al B 2R 5 [BRER 2E 05,
o ST KINTRKE PR RS @ BRI + SHREIRRNS; T IZRea— 25k, (AR gR ANk
TBURAR
o fEbR: FMHFEE R P(success | recoverable failure), BEHMREL. KENE, ZE2EHSRETRBDHIRE,
7.3 YA TES RL iyiast
PD/RAH/IK/WBC {5 ST TR LB AR 5 A RAN I, RL FZIUCESH | SKISHERHGE, N TRiHE, SEEE R, %

WAL T RIS AERIRRAL, SR RRR, S5 AT BIeRErt (ISS/CLF/W4EttESs) FREmIZRmh® BalifEt.
8. Fpl: JRAEE TS 2 B

8.1 {E55E X
ik G1 AR EAREUE ¢, = [oomd, vimd, i) FAEIBE), RERTG. M a S,

8.2 Observation

BWSEAEFHAMREA: Joint Position, Joint Velocity, Base Angular Velocity. Projected Gravity. Previous Action, Velocity
Command, WIZHEMEE ZMIEG, FHESUNIN Height Scan, #&filfdiit. W7 58 5 B RHIE,
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FOUNDATION OF EMBODIED AI COURSE NOTES

8.3 Action
WAL E HAR:
q;arget — qdefault + Saﬂ-Q(Ot)7
JKEH PD $47, FITERIEEECD,
8.4 Reward
£ 4] Hbw

Linear Velocity Tracking R ER A /AR AR
Angular Velocity Tracking  BRE#F A3 %

Orientation Stability PR A ERETS
Action Smoothness WO EERE
Joint Limit Penalty TR PR DA
Foot Slip Penalty FEAREREE)
Termination Penalty e R E I
8.5 Curriculum Learning

Figx L5 Hi

1 DURYA At

2 ST ipeia FARWS

3 HIEAEGHET I REETERE

4 #m) IR FEERER

5 SMIIHEN FE S KE

6 R TS R

7 MR 5 RMIIBE)

R DOESLY” flan /M0, I A2 [k BeE I B R

8.6 JFRIHA L

Unitree RL Lab #£F Isaac Lab, #2ft Unitree Hl88 NAYIZRIER BN, [8] ARG NI GER ARG, HATHIN A
Xt Y Rk A B 5 55405

BAWREE : B IEMATE, FH9 BB Action Smoothness, Domain Randomization. Observation History 1 Foot
Slip Penalty, WIZIZRIEL. HEIREMINIKE BB E,

9. Rp: PR, RY5FHHEMITESS
BA Tron2 HLKES + Revo3 RIGTF + ¥e2 )8RF Affl, ViU HEBERIA 2 (U FR BT 7T BOE RSB A AR

9.1 5w X

MR AR AL B A EURLZ T
PR 25N Tt i,
M ohiRes T BHEE N B,
SEIRAEE A R o

FEPLBN 5 PRI B IR E AT

RSN S

Teaching notes - CC BY 4.0 12
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FOUNDATION OF EMBODIED AI COURSE NOTES

9.2 BB HIFHIZRR

| Object Pose / Goal Pose |

RL Policy

! !

| Arm Action | [ Hand Action |

Ar;;1 IK Fi;;ger PD

A4 A\ 4
Tron2 Revo3
Object Motion

[ Observation Feedback ]

A DURIIGRIAE 5300 B AIEHlgs, BBy R & R,
9.3 =FhillIZRiEtk
PRk A: WEIFGRIIGR, BRI $5E, Hek o2 :
Ty = Tgrasp + Tift + T'rotate + T'success*

RSB, WML T mAEHE AR,

B4k B: Motion Tracking RL, MAUUBELEMIEREIEE: Ti (0), gt (0)o ATDNIRRERAEIE, 03 AHIEF 2 DL
RIS AS IR

#42k C: Residual RL, TEPUBRERSS. IK sRCA RIS L3S ZATRNENEBIE:

__ base RL
a, = a;® + Aa;-.

40 F HE LA HINURE RS ERER, RL B IETfatefl, sO0BE FATEINAIRZE, SRR, SRRl
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FOUNDATION OF EMBODIED AI

COURSE NOTES

9.4 Observation il

O = [Qarmv Ghand> 9> Tobject’ Tgoal’ a’t—l}'

FLH T ey FISKER/EERAIALAO R 2E (4 BRAR L, A0 SRBTHUETA MR TI R I, T PR 7 SR DL AR A L BT, Actor
PICE P E R RAED Erp A ESSIAIRES ; Critic 7] DERAIRIBURAS,

9.5 Reward i%it

2Jih aiil

Reach ECSURERIR//IUN
Grasp TS E AT
Lift EELTEULEN

Position RS HARX K
Rotation FE E bR
Stability 8 i s
Smoothness  MHIZIERE
Success RINse e85

QUSRI R R 2R, MBENLIRR i A B & BT AT RER TR M, S LA P IR ST S50 R 53 B B i

9.6 W<k

Fige (£ H#r

1 EAERERRE BT
2 CATMEN TR ERAE (G

3 Fifr B ARFFHMEL AR RE

4 IMBURHERs Z B EiRE

5 YRR ERENUE 21k

6 A TR SR
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